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Abstract:Text mining is a technique that helps the user to find useful information from a large amount of
digital text document. It is a challenging issue to find accurate knowledge (or features) in text documents
to help users to find what they want. Most existing text mining methods adopted term-based approaches,
but they all suffer from the problem of polysemy and synonymy. Text mining is a technique that helps the
user to find useful information from a large amount of digital text document. It is a challenging issue to
find accurate knowledge (or features) in text documents to help users to find what they want. Most existing
text mining methods adopted term-based approaches, but they all suffer from the problem of polysemy
and synonymy. The effective usage and updating of discovered patterns is still an open research issue.
Pattern deploying and pattern evolving method has also been proposed in order to refine the patterns that
help in improving the effectiveness of pattern discovery. There are two phases that we need to consider
when we use pattern-based models in text mining: one is how to discover useful patterns from digital
documents, and the other is how to utilize these mined patterns to improve the system’s performance. The
new approach use pattern (or phrase)-based approaches which perform better in comparison studies than
other term-based methods. It uses a pattern taxonomy model. In pattern taxonomy model, given documents
are separated into different paragraphs.
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I. INTRODUCTION
Due to the rapid growth of digital data made available in recent years, knowledge discovery and data
mining have attracted a great deal of attention with an imminent need for turning such data into useful
information and knowledge. In the past decade, a significant number of data mining techniques have been
presented in order to perform different knowledge tasks. With a large number of patterns generated by
using data mining approaches, how to effectively use and update these patterns is still an open research
issue. Text mining is therefore a step in knowledge discovery process in Databases and Datasets. Many
data mining techniques have been proposed for mining useful patterns in text documents. It is a
challenging issue to find accurate knowledge (or features) in text documents to help users to find what
they want. In existing, Information Retrieval (IR) provided many term-based methods to solve this
challenge. The term-based methods suffer from the problems of polysemy and synonymy. Polysemy
stands for a word having different meanings, and synonymy stands for different words having the same
meaning. The Research Work use pattern (or phrase)-based approaches which perform better in
comparison studies than other term-based methods.
The advantages of termbased methods include efficient computational performance as well as mature
theories for term weighting, which have emerged over the last couple of decades from the IR and machine
learning communities. However, termbased methods suffer from the problems of polysemy and
synonymy, where polysemy means a word has multiple meanings, and synonymy is multiple words having
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the same meaning. The semantic meaning of many discovered terms is uncertain for answering what users
want. The disadvantage of phrase-based approaches are 1) phrases have inferior statistical properties to
terms, 2) they have low frequency of occurrence, and 3) there are large numbers of redundant and noisy
phrases among them.
This paper presents an innovative and effective pattern discovery technique which includes the processes
of pattern deploying and pattern evolving. It divides the documents in to positive and negative documents
based on the user search query. It identify the pattern from the documents and the result is displayed to
the user
II. STATE OF ART
1) Rough set decision rule-Based topic filtering
Xujuan Zhou, Yuefeng Li, Peter Bruza, Yue Xu and Raymond Lau proposed the algorithm [4]. Rough set
decision rule-Based topic filtering. The decision rules for the partitioning of the incoming document
stream into the positive, boundary and negative regions have been developed in this model. The proposed
two-stage IF system uses the strategies used in both batch filtering and routing filtering. In the first stage,
a topic filtering method based on the Rough Set decision rules is used to develop an optimal threshold.
All the unlikely relevant documents are filtered out. The remaining documents of the incoming stream
will pass into the second stage. The pattern mining method at the second stage will work on only a
relatively small amount of documents. The remaining documents are potentially with a higher relevance
at the second stage. Thus, better ranking accuracy will yield in the routing filtering process
2) Concept based extractor algorithm
Li, X. Zhou, P. Bruza, Y. Xu, and R.Y. Lau proposed this method [5]. In this model, both the verb and the
argument are considered as terms. One term can be an argument to more than one verb in the same
sentence. This means that this term can have more than one semantic role in the same sentence. In such
cases, this term plays important semantic roles that contribute to the meaning of the sentence. In the
concept-based mining model, a labeled term either word or phrase is considered as concept. The extracted
top concepts are used to build standard normalized feature vectors using the standard vector space model
(VSM) for the purpose of text categorization cost.
3) Pattern deploying method (PDM) & Pattern deploying with relevance feedback (PDR)
S.-T. Wu, Y. Li, and Y. Xu, proposed this algorithm [6].PDR is a deploying method with the use of
relevance function. This approach utilizes a probabilistic method to estimate the term weight. In order to
deploy discovered patterns and acquire deployed support of each term in these patterns, it uses a pattern
composition operation to join two patterns. This paper uses a pattern deploying strategies using pattern
deploying method and pattern deploying with relevance feedback.
4) Class sequential rule(CSR)
N. Jindal and B. Liu, proposed this method [7]. This paper studies the problem of identifying comparative
sentences in text documents. Extracting comparative sentences from text is useful for many applications.
For example, in the business environment, whenever a new product comes into market, the product
manufacturer wants to know consumer opinions on the product, and how the product compares with those
of its competitors. Much of such information is now readily available on the Web in the form of customer
reviews, forum discussions, blogs, etc. Extracting such information can significantly help businesses in
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their marketing and product benchmarking efforts. This paper focus on product comparisons those are not
only useful for product manufacturers, but also to potential customers as they enable customers to make
better purchasing decisions. This paper classifies comparative sentences into different categories based on
existing linguistic research. This paper focus on the study the problem of identifying comparative
sentences in text, a categorization of comparative sentences into different types, effective approach to
solve the problem based on class sequential rules and the machine learning technology
5) Semantic relation identification &Topic specificity.
Y. Li and N. Zhong proposed this model [8].In the web information gathering, user profiles were used to
understand the semantic meanings of queries and capture user Information needs. User profiles are used
for user modeling and personalization. It is used to reflect the interests of user. The user profiles are
categorized into two diagrams: the data diagram and which are acquired by analyzing a database or a set
of transaction whereas the information diagram user profiles acquired by using manually such as
questionnaires and interviews or automatic techniques such as information retrieval and machine learning.
User profiles are categorized into three groups: interviewing, semi-interviewing, and non-interviewing
6) SPmining
S.-T. Wu, Y. Li, Y. Xu, B. Pham, and P. Chen proposed this method [10]. It present a new pattern-based
model PTM (Pattern Taxonomy Model) for the representation of text documents. Pattern taxonomy is a
tree-like structure that illustrates the relationship between patterns extracted from a text collection. The
“pattern” used as a word or phrase in this paper is extracted from the text documents. SPMining adopts
the concept of projected database method for extracting frequent sequential patterns from a document.
The main difference between SPMining and others which adopt the same concept is that SPMining deals
with several sequences at a time, whereas others only handle one sequence at a time
III. METHODOLOGY
The method presents a pattern-based text-mining Approach. The method is efficient and effective for
identifying patterns with English language texts. The method also includes a pattern taxonomy model to
discover patterns and pattern deploying methods to update discovered patterns based on their frequency
The basic modules of this project includes:
 Preprocessing
 Pattern Taxonomy model
 Pattern Deploying based on the supports
Preprocessing
All words passes to preprocessing level. Irrelevant terms are eliminated there. This process is also called
as tokenization process. It consists of two kinds operations such as stop list removal, stem word removal.
A). Stop List Removal: Stop words are words which are filtered out prior to, or after, processing of natural
language data. They typically comprise prepositions, articles, and so on. There is no specific list of stop
words for all applications and these stop words are controlled by the human but not automated. It saves
the system resources. Stop word has list of words. That are deemed or irrelevant and then it is removing
.It consists of articles (a, an, the), preposition (for, in, at, etc.), and so on.
B). Stem Word Removal: Stemming is the process for
reducing inflected (or sometimes derived) words to their stem base or root form. It generally a written
word forms. In this preprocess the text documents have to be processed using the Porter stemmer. It
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removes the Suffix‟s of the words these words are useful in the text mining for clustering the text
documents in the text mining process we collects the documents and each documents are composed into
the set of terms or words the words having stem have a same meaning in stem process the suffixes of the
words, singular and plural words are considered into a one single word for meaning full text clustering
process.
Pattern taxonomy model
The pattern-based model PTM (Pattern Taxonomy Model) for presenting the text data. It is a structure
like prune which has frequently occurring data, as a root node and others its nodes as a subset of it in text
documents. The two Basics approach regarding performance in phrases is its low frequency of occurrence
and false terms. A phrase with maximum value of the support is a general term which occurs frequently
and as the value of minimum support minimizes more the unidentified phrases are searched, to avoid this
and to satisfy what the user actually want we have pattern taxonomy model. Pattern taxonomy is a tree
like structure that shows the relation between patterns discovered from a text data. It is „IS‟ a relationship
with most relevant patterns and subsequence.
For example, pattern. < P; Q > is a sub-sequence of pattern < P; Q; R > and pattern is a sub-sequence of
pattern. Thus the root of the tree at the bottom level is < P; Q; R >represents frequent patterns (i.e. More
sequential patterns). Once the tree is structured, we are able to find links between different phrases. Thus,
in this we shrubs the meaningless pattern, i.e. it is obvious that the pattern < P; Q >occurs in every
paragraph of < P; Q; R >. Hence it is considered as meaningless pattern. As in super sequence pattern
more subsequence pattern can occur. The diagram below shows that the pattern occurs frequently, i.e. <
P; Q >, < Q; R >, < P; R >, < P >, < R >, Q > in P, Q, R we can consider this pattern as less frequently or
not useful patterns The fig 1 shows the pattern taxonomy Model The sequential patterns that we get after
pruning are composed using pattern deploying method

Fig 1: Pattern Taxonomy Model

Pattern deploying method
In order to use the semantic information in the pattern taxonomy to improve the performance of closed
patterns in text mining, we need to interpret discovered patterns by summarizing them as d-patterns in
order to accurately evaluate term weights (supports). The rational behind this motivation is that d-patterns
include more semantic meaning than terms that are selected based on a term-based technique (e.g., tf*idf).
As a result, a term with a higher tf*idf value could be meaningless if it has not cited by some d-patterns
(some important parts in documents). The evaluation of term weights (supports) is different to the normal
term-based approaches. In the term-based approaches, the evaluation of term weights are based on the
distribution of terms in documents. In this research, terms are weighted according to their appearances in
discovered closed patterns
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Pattern deploying methods are used to overcome the low-frequency problem of specific long patterns.
Deploying patterns through the use of a pattern composition operator, the goal of reserving the significant
information embedded in specific patterns can be achieved. The patterns support obtained in the pattern
discovery phase is taken into account when we deploy patterns to a common hypothesis space. By using
SPMining algorithm we can acquire a set of frequent sequential patterns
D-pattern mining algorithm is used to discover the Dpatterns from the set of documents. The efficiency
of the pattern taxonomy mining is improved by proposing an SP mining algorithm to find all the closed
sequential patterns, which is used as the well-known appropriate property in order to reduce the searching
space. The algorithm describes the training process of finding the set of d-patterns. For every positive
document, the SP Mining algorithm is first called giving rise to a set of closed sequential patterns. The
main focus is the deploying process, which consists of the d--pattern discovery and term support
evaluation. All discovered patterns in a positive document are composed into a d-pattern giving rise to a
set of d-patterns .Thereafter, term supports are calculated based on the normal forms for all terms in dpatterns.
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